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In the light of research by Epstein (1979) (which 
reported that error of measureaent In the analysis of behavior 
stability lay be reduced by exaaining the behavior of aggregate 
stability coefficients computed for oeasureaeftts with known stability 
characteristics), this study exaaines stability coefficients for 
computer-generated data sets systeap.tically varying in their 
stability characteristics. Score for 200 cases across UO trials were 
aenerated to examine the behavior of aggregate stability coefficients 
for data with known stability characteristics. Forty replications 
were perforaed of seven studies, each study varying in the degree of 
stability characteristics of the scores. Aggregate stability 
coefficients were computed by correlating the average of even-trial 
scores with the average of odd-trial scores according to the 
recoamendations of Epstein. Since high stability coefficients were 
found whc.i only a saall percentage of the cases exhibited score 
stability, the use of aggregate stability coefficients as evidence of 
stable behavioral dispositions was questioned. (Author/AEF) 
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Abstract 

Scores for 200 cases across 40 trials were generated to 
examine the behavior of aggregate stability coefficients 
for data with known stability characteristics. Forty 
replications were performed of seven studies^ each study 
varying in the degree of stability characteristic of the 
scores. Aggregate stability coefficients were computed 
by correlating the average of even-trial scores with the 
average of odd-trial scores. Since high stability co- 
efficients were found when only a small percentage of the 
cases exhibited score stability, the -ise of aggregate 
stability coefficients as evidence of stable behavioral 
dispositions was questioned. 
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High Aggregate Stability Coefficients Can Be 
Obtained for Unstable Traits 

One of the more enduring questions appearing in 
the personality literature is whether there are stable 
behavioral dispositions. Epstein (19 79) has recently 
argued that previous difficulties in demonstrating the 
stability of behavior can be overcome by employing analyses 
that reduce the error of measurement. Specifically, Epstein 
demonstrated that over a series of daily lueasurements of a 
behavior, the correlation between the average of even-day 
measurements and the average of odd-day measurements is 
generally much higher than the correlation of the measure- 
ments for just any two days in the series. According to 
Epstein's argument, such aggregations of scores reduce 
the error variance and reveal the underlying behavioral 
stability . 

Since the stability coefficients reported by Epstein 
(1979) are unusually high (Median = .77 for coefficients in 
Study 1) and since the application of the method of aggre- 
gation to other research problems has been suggested 
(Epstein, 1980), it seems prudent to examine the behavior 
of aggregate stability coefficients computed for mf^asure- 
ments with known stability characteristics. The present 
studies, therefore, report stability coefficient? for 
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computer-generated data sets systematically varying in 
their stability characteristics. 

Method 

Seven computer simulation studies were conducted, each 
study involving data randomly produced within different 
stability constraints. In each study, discrete metric 
scores ranging from one to 20 were generated for 200 cases 
and across 40 trials for each case. Aggregate scores tor 
even trials were found by computing the mean for all possi- 
ble series of even trials beginning with the second trial. 
Similar aggregates for the odd trials were also computed, 
i^.ggregate stability coefficients were then found by corre- 
lating the corresponding even-trial and odd-trial aggre- 
.gates. Hie first aggregate stability coefficient was, 
therefore, the correlation between the average of Trials 2 
and 4 and the average of Trials 1 and 3; the second aggre- 
gate stability score was the correlation between the aver- 
age of Trials 2, 4, and 6 and the average of Trials 1, 3, 
and 5; and the last stability coefficient was the corre- 
lation between the aggreg?te of even Trials 2 through 40 
and the aggregate of odd Trials 1 through 39 . For contrast 
with the aggregate stability coefficients, a simple reli- 
ability coefficient was found by correlating Trial-1 and 
Trial-2 scores. 
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In Study 1, data with no stability were generated; 
all scores were permitted to take on any value between one 
and 20. Studies 2 through 5 varied stability by holding 
the scores for a different percentage of the cases constant 
across the 40 trials while permitting the remaining scores 
to take on any value between one and 20. Studies 2 through 
5 held 1/ 5, 12.5, and 25% of the cases' scores constant, 
respectively. These constant scores, however, were per- 
mitted to take on any value between one and 20, but a par- 
ticular case would retain its constant value across all 40 
trials. For example, in Study 2, Case 76 might have a value 
of 15 for all 40 trials and Case 119 might have a constant 
value of 11; the remaining 19 8 cases would have scores 
randomly varying from one to 20 across the trials. The 
constant scores of 15 and 11 were each randomly selected 
from the integer values one to 20, and other replications 
of Study 2 would have other values for the two constant 
scores . 

In Study 6, half the cases had scores ranging from 
one to 10 across the 40 trials, and the other 50% of the 
cases were given scores randomly varying between 11 and 20; 
there were, therefore, no constant scores in this study. 
Study 7 also involved no constant scores; half the cases 
had scores randomly varying over the lower decile (values 
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of one or two) , and the other half ranged from three to 20 
over the trials. These last two studies were conducted to 
demonstrate the behavior ot: the aggregate stability co- 
efficients computed for data produced by the combination 
of two subsets of scores, each subset having no stability. 
Results and Discussion 
Each of the seven studies was replicated 40 times in 
order that the stability of the aggregate stability co- 
efficients could be determined. The mean, standard error, 
maximum, and minimum aggregate stability coefficients for 
the 40 replications of each study are presented in Table 1. 
By examining the results for Studies 1 through 5 it is 
apparent that the size of the aggregate stability coeffi- 
cients varies directly with the degree of stabiliiy in the 
data; mean stab\lity coefficients fluctuate around .00 in 
Study 1 and become as large as .87 for Study 5. It is also 
evident from Study 2, however, that significant aggregate 
stability coefficients can be obtained with as few as 1% of 
the 200 scores being characterized as stable. Study 3 
illustrates that a "quite respectable" aggregate stability 
coefficient of .50 can be obtained by the present method- 
ology with stability occurring in only 5% of the cases, 
and with only 25% of the cases exhibiting stability in 
Study 5, a stability coefficient of .87 was found. 
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Studies 6 and 7 can be viewed as the combination of 
two subsets of data having different means but no intra- 
subset stability. An analogous research setting would in- 
volve the combination of two groups of subjects differing in 
terms of a subject relevant variable, for example, gender. 
Table 1 indicates that this aggregation of case classifi- 
cations can produce exceptionally high aggregate stability 
coefficients . 

The results of these seven studies, therefore, reveal 
several disturbing characteristics of aggregate stability 
coefficients computed according to the recommendations of 
Epstein (1979). (1) Significant, and even high, aggregate 
stability coefficients can be obtained for .groups of cases 
that exhibit rare individual stability. Whereas Epstein 
(1979) has arguec that the success of his stability co- 
efficients is due to the reduction of error of measurentent , 
we suggest that his method of averaging over many trials 
is so sensitive to case consistencies that it is possible 
that significant stability coefficients for completely un- 
stable traits in large samples can be obtained when just 
a few cases exhibit some artifactual stability that may 
occur because of measurement error. In fact, as the maxi- 
mum rs for Study 1 indicate, for an occasional replication 
with zero-stable data, the stability coefficient reaches 
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significance. (2) The inclusion of multiple levels of an 
organismic relevant variable can produce very high sta- 
bility coefficients when the only stable aspect of the data 
is group membership* For the cautious interpretation of an 
^ aggregate stability coefficient to be possible, therefore, 
the coefficient should be computed only for samples that 
are homogeneous with regard to all relevant organismic 
variables, a requirement that would compromise the utility 
of a stability measure in practical research applications. 
(3) The size of the aggregate stability coefficient is 
directly proportional to the number of trials utilized in 
its computation. For a coefficient with such a character- 
istic to be generally useful, each assessment of the sta- 
bility of a behavior would need to include a sufficient 
number of measurement of the behavior so that the aggre- 
gate coefficient would approach its asymptotic maximum 
value. (4) For these computer generated data, the size of 
the aggregate stability coefficient does not seem to be 
associated in any readily apparent way with the actual 
degree of stability present in the data. The coefficient 
of .87 in 3tudy 5, for example, does not seem to logically 
follow from the fact that 25% of the cases have constant 
scores . 
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New statistics for describing behavioral stability and 
new methodologies for seeking stability will undoubtedly 
bring the issue of stable behavioral dispositions closer to 
resolution, and we applaud Professor Epstein's efforts in 
this regard. The problems revealed by the present simu- 
lation studies, however, lead us to endorse only a most 
cautious application of the method of aggregate staibility 
coefficients . 
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Table 1 

Mean Correlations for Even-day and Odd-day Averages 
NuiPber of Averaged Trials 
Study 1 
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Table 1 — Continued 
Number of Averaged Trials 
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Note: See text for description of studies, r' = mean r; s^ = standard error of r; ^ 
Min = minimum r: Max = maximum r. For n = 200, r ^ .139 is required for significance ^ | 



